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7 i Philip K. Dick
* Do Androids Dream of Electric Sheep ?
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o RP-H KM ( Voight-Kampff Test ) Do Androids Dream

of Electric Sheep?
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* EE YRR A
o MERREASS% VS AXHRAS51%
* English Conversational Telephone Speech Recognition by Humans and Machines
* WRPHRRES B A
o 3 ahh At Had iR A fe gy £
* Imagenet classificationwith deep convolutional neural networks
* PIEEERRE ) Mt A3
o LB HRES 874 VS A R H k1T H84%
* SQuAD: 100,000+ Questions for Machine Comprehension of Text
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* AlphaGo: SKEE#RXEFFHE, 3
* Mastering the game of Go with deep neural networks and tree search
CAT RS A%
* AlphaStar: A24899.8% & MK
* Grandmaster level in StarCrafit I using multi-agent reinforcement learning
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* ABj%%:> (human leaming)

s FAFX: AR RRER, #RIKFHEAE (acquiring skill with experience
accumulated from observations)

ovo"@

observations learning skill
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* PL2s2 (machine learning)
o FF K AR RAPTEP RiREE, #HEAHE (acquiring skill with

experience accumulated/computed from data)
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data machine learning skill
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* nEmesis: Which restaurants shouldvou avoidtoday?
o B RIR: 3807 K Twitterdk 48 (SRR +3 100 R 42)
s MBF UL PHANEARLRRNES, RATREAR %D T FO9MR A
B, FERFAEMETRAENRIR LA,

Corpus C of ®
3.8M tweets .‘l ﬁ
’ . 1
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gzp,egsim -+ top-5800 tweets + random |-+ 6,000 labeled Workers label ®
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* Netflix Machine learning and Experimentation Platform
o BABRR: 487 LA P 177 R F A IF 438
o B DHAR UM R A PR ek d R R AG S
NETFLIX eseancn R T, W

RESEARCH AREAS

ML and Experimentation

Platform

Accelerating and Democratizing Machine Learning &
Experimentation Innovation
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* https://jiuge.thunlp.cn/index.html
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RRERQQAALTHRBEFK:

o $ABRIR: ABILB0T HA R ITNEH GIER
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s MBS RARAESES (deep leaming)
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* Automatic Poetry Generationwith Mutual Reinforcement Learning
o R MERS I X (mutual reinforcement learning schema)
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o {detTRlE RATIT R D kA1 L)

o AEEM: RITFRGRAEFLAFTHINARP
BaFAARANETLEZ S, Lo kifEzati—
FrAEEMAT &, dofT4 RRAFFRRZ 947 ?
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s BEHHATEEL RSN
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C BEPEARBFEIRMEFLAFERD:

s MRAIAGR CRAR) PR REL,

“RIN+ER” |

CRADNHRFRHB R
“HMHBFHYE” FREW, RERIRIRE

%2 2003-2018 4 #4747 K 0 sk ¥ S it &
%51 #iE £ X E FEET S
K 334 90 22 20
229 71.67% 19.31% 4.73% 4.29%




%3

ZH (Z) : NRTTKEF O RBHTR

* Hlans= 200K
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LA

2003/10/20: B — % u K AT A H R A B, A SAT G H A H 048 5, AP TGN R A B K.
2016/02/26: £ THFEZFWEREFHHEE %, PEARBTHKETECRRATRESEERORS.

At

2003/10/20: L fu4 g —A i, BRERTREG R FRE ARG TR SR RAREIL.
2014/06/11: 4 45 S M A8 G 8 ¢ 7 B, R T 6 4 R4S 7 R A F B, B3R H b AT e 4ot i Ao b L 4

LS 3

2004/02/12: MhA-4F 74, o B 45 F 4 b7 1E 8% B RK
2008/04/12: f5 LB B WA S F A RMALEL T, ARFEUAE, FHEELE URATTHRELET R,
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2004/04/24: SE K, PEZF S GEHER KR L BA EF L OB K, TUSLFEARER P, A
[ET T E P e SN L L
2016/02/26: HFHFET, 1 ABREREH AV H LA EHERLMK 11.2%, R ATELFHARREL.

i

2009/01/12: M4 = f KA, & B t Z I RIF, 1B 57 B9 7R IOR ) BOF DU 4 3 ILET 2B Bk
2016/07/24: b HF P EZFETAAETR, BPAH, ZFNMELTAERE SRR L P RHFEE.
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2012/04/22: W AR, BFLRENZRHTFE, A BHALZEFUNE BENGE L FARETEKE HH#F
%] 3L .
2015/03/29: i 4% B ik 4k 4 181 T %, BF T F K.
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= Pablo Barbara et al.

* Who Leads? Who Follows? Measuring Issue Attention and AMEVRICAN
Agenda Setting by Legislators and the Mass Public Using Social POLITICAL
Media Data SCIENCE

« FREE: dEERRA, HEARLTHFAEL S RRK REVIEW
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Group N Avg Min Max Tweets
House Republicans 238 1,215 70 8,857 267,311
House Democrats 207 1177 113 5,993 222,491
Senate Republicans 46 1,532 73 6,627 67,412
Senate Democrats 56 1,616 150 10,736 87,307
Random sample 25k 465 1 8,926 11,316,396
Informed public 10k 948 100 5,861 9,487,382
Republican supporters 10k 1,091 100 8,804 10,911,813
Democratic supporters 10k 1,306 100 5,122 13,058,947
Media outlets 36 7,803 8 15,858 273,121
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Topic Number Label Topic number Label

3 Investigation of Benghazi attack 50 Climate change

7 100 days of #BringBackOurGirls campaign 51 Lame duck congress

9 Gender wage gap 53 Minimum wage

12 Republican issues Spring 2013 58 Affordable Care Act

14 Marriage equality 62 Border crisis in Texas

15 Gun violence 63 Obamacare (employer mandate)
16 Abortion (pro-life) 64 FAA furloughs cause flight delays
18 Veteran affairs delays scandal 66 Malaysia Airlines crash in Ukraine
20 NSA surveillance scandal 67 Comprehensive immigration reform
23 #BringBackOurGirls campaign 70 #MiddleClassFirst campaign

28 Employment Non-Discrimination Act 75 Military Justice Improvement Act
32 Islamic state 81 Poverty (SNAP program)

33 Use of military force in Syria 83 Twenty-first century cures initiative
- 36 Ebola 85 Unemiloiment insurance .
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Democrats | Republicans || Democratic || Repubican || Atientve General
in Congress | in Congress || Supporters || Supporters ||~ Public Public
Affordable Care Act e b — N 0 P
on Violence - - - - - o
GIA Detentions and Interrogations Report - - - - o o oo
Social Security - - . . lee
#BringBackOuIGils campaign| |- - P
Employment Non-Discrimination Act = - E s
Minimum Wage- - - . o
#0bamacareinThreeWords Campaign - -
Unemployment Insurance - - p g
Black History Month] |~ . o - .
2013 Coremment Shldown| |8 - e -s - -
P program) - - o °
Vil resis Womenrcl| | - o
Paul Ryan Budgel Proposal - - s - - E
#MiddieCiassFirst compaign| #= | & . o
Stuen Debt| & - 3 B .
Use of Miltary Force n Syria| 48 - . - . B
Hobby Lobby Supreme Court Decision - - - . + Pt
Marriage Equality - b - - - . .
100 Days of #BringBackOUGis campaign| & (& b . b o Republcant
e 5 R - . - . o | F S
FAA Furloughs Cause Flight Delays|  [@ . s - e F Domosratie:
Climate Change|  f& - - . o
Wity st Ingrovemant Ack 4 s b 3 } Boriean
EXecuive Action on Immigration - - - (- p
Veteran Affirs Delays Scandl - - o - . 4 Atentve
Islamic State = - - - o Pusic
Abortion (Pro-Life) - - ' r General
Proostsin Ukeaine and Vorezula) (@ - * - s
|y - - le- lo- 4
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¢ 8kEY & Jennifer Pan

* CASM: 4 Deep-Learning Approach for Identifying Collective SOC‘OLOG'CA'.
Action Events with Text and Image Data from Social Media

o FREA: RN EHERTHFH (protest collective action
events) 2 —AHE LM LEHNR, OFEMERTIEF
HOEEAETAGRLAGE, 2HATIHEL AL
SATRAF . T &kl Nid Rk ?

o HARRIR: 2010-20175F R AIFOS0F AN T 423607 KA A

c MBFIJHM: ARNDBEP2AL (recurrent neural networks)
FafR B 4922 M % (convolutional neural networks) R A1A2iE10
B AR BRIT S F .
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» I%443ERK: Yuyu Lu & Tingyu LiT20135F6 4 2016F6 A F T fm a9 ol
FARAT3) F4F 8048 & Wickedonna, @,8247 & #i%A23% KAA ;
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Posts with
Random Posts Hﬁ‘cu rrelnz Protest-related Positive Images
Ne;‘:r?rk Words Wickedonna
Positive Texts: the (n =9.5M)
Wickedonna
Collection

Negative Text 2

Neural
Recurrent Posts about Network
Neural Grievances
Network (n = 871K)

Posts about
Protests
(n = 283K)

Events
(n = 197K)

Negative Images:
Random Posts

Rule-based
Algorithm to Group
Posts under the

same Event

Human coded subset

(n = 40K)
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Logged Count
of CASM-China

Events
(2010-2017)
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Number of Protest Irrevant Posts
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Number of CASM Protest Posts

2013 2014 2015 2016

2010 2011 2012 2017
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