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Maybe )
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@ Blurred Requirements

Unclear, incomplete, and unstructured inputs
lead to ambiguity and low-quality outputs.
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@ Prompt Engineering

Transforming chaos into clarity through
analysis, filtering, and structuring.
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@ Structured Generation Conditions

@

2o

5]

v—
v=
=

Ky

k4
i
—

o
—

e

Objective Clear goal and expected outcome
Audience Target users or readers
Context Background information

and situational context

; Rules, limitations,
Constraints e e

or boundaries
Output structure

Format (e.g., list, table, report)

Tone & Style  Desired tone, style
or language preferences

Other Parameters ength. detail level,
example:

s, references, etc.

Structured Generation Conditions

Well-defined parameters enable consistent,
reliable, and high-quality generations.
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object positions.
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Loss

© Training Stability
Smooth optimization with
consistent convergence.

Training Loss
10°
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102 10° 104 108

Training Steps

Stable training due to
consistent target and
smooth objectives.
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Learning Continuous Transformations

Noise
Distribution
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from Noise to Data
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Distribution
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Path Flexibility
Support a wide range of
continuous transformation
paths.
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