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Introduction
We train 3D Gaussian Splatting directly on plenoptic images without requir-

ing subaperture view extraction. To achieve this, we propose a differentiable

framework implemented in gsplat for projecting and rasterizing 3D Gaussians

through a plenoptic camera.
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Mapping Gaussians to microlenses
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Results
Dataset psnr ssim lpips Time #Gaussians

Fujita 21.17 0.61 0.14 5m36s 49,555

Rabbit 23.95 0.65 0.14 10m33s 55,591

Temple Boat (1k) 21.25 0.59 0.28 9m48s 94,063

Cubes 14.49 0.162 0.407 5m07s 38,573

Datasets have been trained for 3000 iterations except for Temple Boat.

Plenoptic vs. Pinhole Training
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PlenoGS vs. Existing Methods
PlenoGS
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Conclusion
Our method is the first to train

Gaussian Splatting directly on

plenoptic images, enhancing

3D reconstruction compared to

pipelines requiring subaperture

extraction.

Future Work
Future work includes depth-

supervised loss, adaptive R based

on scene depth and modeling

microlenses as multifocal thin

lenses.
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