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Value in Reinforcement Learning

* Value: future expected reward
* RL goal: maximize value
* RL agent: select actions with highest value



State and Observability
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Why Reinforcement Learning Is Hard
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Exploration / exploitation Curse of dimensionality
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Temporal credit
Assignment problem



Soar 9.3.1
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Soar-RL

* Reward * Decisions
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* Value representation * Adaptive behavior
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