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Why use a visualization tool ?

Can’t fix what you can’t see «
Training -> metrics «

Experiment -> comparaison «



Can’t fix what you can’t see




Training : metrics
90

Specific to learning:

« train/val loss/acc
 prototyping

« profiling & debugging




Experiment : comparaison

Not only training specific :
* hyperparameters

» dataset & source code

* hardware tracking

* multi-user / collaboration




a refined selection of tools

12 TensorBoard «
@ MLFlow «
W&B «

Neptune «
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import wandb
import random

wandb . login()

epochs = 10
1r = 0.¢

run = wandb.init(

project="my-awesome-project”,

config={
"learning rate": 1r,
"epochs”: epochs,

3

offset = random.random() /
print(f"lr: {1r}")

for epoch in range(2, epochs)
acc = 1 - 2**-epoch - random.random() / epoch - offset
loss = epoch + random.random() / epoch + offset
print(f"epoch={epoch}, accuracy={acc}, loss={loss}")
wandb. log({"accuracy": acc, "loss": lass})




